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Identification of Time Delays in Flight Measurements

J. Blackwell* and R. A. Feik}
Aeronautical Research Laboratory, Melbourne, 3001 Australia

A computer program has been developed for the maximum likelihood estimation of parameters in general
nonlinear systems. Sensitivity matrix elements are calculated numerically, overcoming the need for explicit
sensitivity equations. Parameters such as break points and time delays are successfully determined using simulated
data. Two examples using aircraft flight data are shown to demonstrate the identification of multiple time delays

concurrently with other parameters.

Introduction

T is well known that time delays or phase shifts are often
present in flight measurements due to a number of possible
causes. For example, data sampling techniques can lead to
time delays between sequentially sampled variables. Time
delays can also be introduced by preprocessing of data prior
to recording. Phase shifts can be introduced by instrumenta-
tion filters in the signal conditioning electronics or by lags in
the response of instrumentation, especially air data systems.
Provided the measurement system phase response is - linear
over the range of interest, phase shifts can be approximated
by simple time delays. Equivalent time delays of several tenths
" of a second are not uncommon, due to one or a combination
of the aforementioned causes.

Small time delays in flight data can have a large effect on
parameters extracted using techniques such as maximum
likelihood estimation. For example, a time delay of 0.1 s can
typically result in a 50% error in stability and control deriva-
tives.! In data compatibility checking applications, large vari-
ations in estimates of instrument bias errors have been
obtained, due to relative time delays in data records.?

In another type of application, the approximation of high-
order dynamic systems by a lower order equivalent model can
be facilitated by using a time delay to account for the higher
order effects. Application to helicopter dynamics has led to
estimated time delays of several tenths of a second.?

If time delays are known, it is possible to adjust the data
accordingly, prior to further analysis. However, the magni-
tude or even the presence of delays may not be apparent. It is
desirable in these cases to be able to identify possible time
delays as part of the analysis. In the frequency domain,
estimation of time delays is relatively straightforward®® but is
limited in practice to linear systems.

In the time domain, the maximum likelihood parameter
estimation technique is widely used to determine aircraft flight
parameters from flight test data.® Although much of the effort
in this field has been confined to the analysis of linear
systems, the method is equally applicable to nonlinear prob-
lems. For example, a maximum likelihood computer program
developed by one of the authors has been successfully used to
determine accelerometer offsets and calibration errors using
the nonlinear equations for aircraft kinematics.” The sensitiv-
ity matrix elements required for the solution were calculated
explicitly by mathematical differentiation of the state equa-
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tions, often a long and tedious process. This also resuits in a
sizeable proportion of the program being problem-specific. At
the same time, sensitivities for some types of nonlinearities,
such as break points or time delays, cannot be obtained
explicitly.

In this paper, a maximum likelihood parameter estimation
computer program for general nonlinear systems is outlined.
Sensitivities are calculated numerically by finite differences,
overcoming the need for explicit sensitivity equations. Similar
programs for generalized nonlinear systems have been de-
scribed elsewhere.®® However, their specific application to the
estimation of break points or time delays does not appear to
have been reported. The program described here has been
used successfully in both situations. In particular, the impor-
tance of determining time delays is demonstrated here in
applications using both fixed and rotary wing flight data.

In the next section, a brief outline of the maximum likeli-
hood method for nonlinear systems is provided, including the
procedure used to obtain sensitivities numerically. Using sim-
ulated time histories of landing gear load and deflection, the
use of the program to estimate both break points and time
delays simultaneously in a nonlinear system is demonstrated.
Finally, two applications involving the identification of time
delays in flight data are presented to illustrate the importance
of their effects and the means for accounting for them in the
normal data analysis process.

Description of Method

Assume that the system can be described in general by a set
of nonlinear dynamic equations of the form:

(1) =f(x(0), (1), E) 4
W) = g(x(0), u(t), &) 2
) =y(t) +nt) 3)

where

Xx = state vector

u = control input vector

»y = observation vector

7 = measurement vector, sampled at N discrete time points
t;fori=1,...,N

n = measurement noise vector, assumed to be white Gaus-
sian with zero mean

g = vector of unknown parameters

The maximum likelihood method determines the most
probable value of & by maximizing a likelihood function that
is defined as the probability of obtaining output z given
parameter & Full details of the method can be found in
standard references'® and amount to minimization of a cost
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functional J(&) given by
1 N
J(&) =3 A};} [2(:) —yE)I'R ~'[z(t:) —y ()] )

with an estimate of R, the covariance of residuals, given by

N
Y, () = ye)z) -y )" ()

i=1

1
R=—
N
‘A modified Newton-Raphson algorithm is used to achieve

the minimization iteratively. Starting with an initial estimate,
£,, for &, revised estimates are obtained from

Eir1=8, — AL (6)

where A, the change in & per iteration, is given by

AE =[V2J] [V J] ™
with '
N
Vi = _; (Vep(&:) "R~ (Vep(s,)) (®)
N
Vil = _gl(VEY(ti))TR Yz (@) -y ) ®

Starting with a priori values for elements of the parameter
vector &, initial values of p(z;) are obtained in Eq. (2), leading
to an initial value of R [Eq. (5)]. From Eq. (7) we deduce A§
and, hence, an improved value of &, which is used to obtain a
new y(¢;) and, thus, improved R. This process is repeated until
the required convergence is achieved. Computation of A§
requires at each time point #; 1) values of the measurement
vector z(z;); 2) values of the observation vector y(z;); and 3)
the sensitivity matrix Vgy(z;).

Values of the measurement vector are read in as data.
Computation of the current observation vector y(¢,), from Eq.
(2), requires current state vector values, which are obtained
by numerical integration of the assumed system state equa-
tions [Eq. (1)]. A fourth-order Runge-Kutta numerical inte-
gration procedure is adopted.

An indication of the error in each parameter is given by the
Cramer-Rao lower bound,!® which is the covariance o, given
by

N —
a(8) = [; (Vey(t:))'R *I(ng(ti))} 1 (109)

The sensitivity matrix elements are here approximated by
numerical differences. This approach overcomes the need for
explicit sensitivity equations, which are not always easy to
determine. The forward difference method has been shown to
give adequate results,® and is adopted here, requiring evalua-
tion of state and observation variables at two parameter
values, £+ 6E and E. The jkth element of the sensitivity
matrix, Vey(z; )y, is given by

9 Y& +08) — 3,8
0%k &

where y; and £, are components of vectors y and &.

The preceding procedure takes account of most parameter
types, including break points (see below). However, the case
of unknown time delays as parameters is somewhat different
and a separate procedure should be followed. Given that the
kth parameter £, is a time delay 7, in observation y;, then
Eqgs. (1-3) are first calculated at time ¢, the time without any
time delays. Then, y; requires reevaluation at translated time
t to obtain y¥:

Vet ) = (11

YO =i ~1) (12)
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The sensitivity matrix elements for parameter 7 are calculated
as

oyf yra+A)—yr@ (13)
ot At
where the incremental parameter value used. in the forward
difference calculation dt is taken as Az, the time interval
between successive measurements z(z;). Using Eqgs. (5) and
(7), Az and, hence, a new estimate for parameter z, is deter-
mined. This procedure is repeated until the required conver-
gence is achieved. The time delay parameters. were
unconstrained during each iteration; however, prior to each
new iteration, they were rounded to the nearest multiple of
At. This step was essential so that observations y, calculated
at time 7 — 7, are able to be compared directly with measure-
ments z, which are known only at time ¢;, a multiple of Ar.
An alternative approach, which was examined in some
detail, is to include as an a priori constraint the restriction
that the time delay is a multiple of Az. This has the effect of
adding a term [t —n Af]7D[t — n Af] to the cost functional J
[Eq. (4)], where D is a weighting matrix, t is a vector of time
delays 1, and n is a vector of integers ng, such that n; At is
the closest multiple of Az to t¢. This procedure is outlined in
Ref. 11 for general a priori constraints, and in this case results
in alterations to Egs. (8) and (9), as follows:

N
Vi = ;1 (Vey(t) TR~ (Vey(t:)) + D (14)

Vel = Y (Ver(n)"R™I(a(t) —y(t)) + D(r—n A (15)

i=1
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Fig. 1 Comparison of unconstrained and a priori constrained time
delay methods for time delays midway between measurement time
points.
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Fig. 2 < Forces and displacements on landing gear.

with consequent change in A§ [Eq. (7)]. Note that D is a
diagonal matrix of order Ny x N, where N is the number of
parameters being estimated. The diagonal elements of D are
zero, if the parameter represented is not a time delay, and
take value k, if the parameter is a time delay. Large k ensures
that the a priori constraint dominates the other terms in Egs.
(14) and (15). A large value of k£ = 99999 was used to ensure
that the time delays are a multiple of At. The a priori
constraint method was tried out using simulated data for a
simple model (see below) and led to slightly reduced Cramer-
Rao lower bounds than the unconstrained approach. How-
ever, when time delays were not multiples of Az, not only were
estimates of the time delays less accurate, but also estimates of
other parameters were less well determined, since constrained
time delays were used in determining their values. This effect
was particularly noticeable if Az was large (~ 0.1). Time de-
lays as large as 0.1 are not uncommon in flight data recording.
To illustrate the abovementioned comparison, the following
simple state model was used:

X, = A(x; —2.5) (16)
%, = Bx, an
with 5 s of simulated data created using A = — 1.5, B =

— 1.3, and variable time steps Af ranging from 0.005 to 0.1.
Initial conditions were x, = 1.0 and x, = 2.0. Time delays that
were multiples of Az (7, = 0.1 and 7,; = 0.2) and also midway
between time points (1., =0.1+Az/2 and 1,,=0.2+At/2)
were simulated and resulting parameter estimates were deter-
mined over five iterations, using both the unconstrained ap-
proach and the a priori constraint approach. A priori values
for the parameters were —1.0 for 4 and B, and 0.0 for 1,
and t,,. For the case of time delays midway between mea-
surement time points, the error in each parameter estimate
&(€), as a percentage of the exact parameter &, is plotted
against the time step used, At, for time delay parameters and
other parameters (Fig. 1). The superior results given by the
unconstrained method are clearly demonstrated. For the case
of time delays that are exact multiples of measurement time
points, the two methods led to similar results, with errors
&(E) /€ less than 0.03% for parameters 4 and B. For &(t)/t,
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the error was zero by definition for the constrained approach,
whereas the unconstrained method led to small errors &(t)/
1 < 0.2%, slightly less than those shown in Fig. 1. Thus, the
unconstrained method is preferable to the constrained ap-
proach, except in the unlikely event that the time delay is very
close to a multiple of Az

A possible way to avoid the problem of constraining time
delays to be multiples of A¢ is to first obtain an estimate for
time delay 7, then use interpolation to determine the measure-
ment data z at time ¢; — 7:(/ = 1,...,N). This way, z and y can
still be compared directly without restriction on ;. This proce-
dure would involve substantial extra computation for cases of
several different time delays, and due to the excellent results
obtained for the simpler unconstrained time delay method, it
was decided not to adopt the interpolation approach and to
use the unconstrained time delay method.

Example Using Simulated Data

An application involving break points and time delays,
both highly nonlinear parameters, is discussed.

Consider the case of an aircraft landing gear drop test. The
landing gear comprises a large mass M attached to a wheel
and tire by an oleo that acts as a combined spring and shock
absorber. The oleo is modeled as a massless, nonlinear
damped spring of a two-stage type. For oleo deflection d,
greater than some value d,, a second, stiffer, more damped
“spring’ is activated. In this way, extra hard landings are
catered for, whilst soft landings do not suffer from overdamp-
ing. Essentially a different set of state equations exist for
d > d,, with d, termed as a break point.

The load on the oleo L, is given by

Lo Cdte K,d*+G,d (ford<d,)
T KB+ K(d—d) +G,d  (ford=d,)
(18)

The tire is modeled as a massless, linear undamped spring

~ with load L, given by

Lt =C1d* (19)

where d* is the tire compression. Since the tire and oleo are
assumed to be massless, the oleo load is equal to the tire load;
thus, L, =L, = L (see Fig. 2).

The equation of motion for the system is

M@ +d% = Mg — L (20)

Taking d, d*, and w(=d+ d*) as state variables, the
following state equations are obtained:

. Cld*
W=g——pr 21
o Cud* — Kidi — Kyd3 2
G
d*=w—d (23)
where
d1=d d1=do
dy=0 Yd<d, d,=d—d,d>d,
G=G, G=G,

and where d, is the first-stage deflection and d, the second-
stage deflection. Observation variables are the load and oleo
deflections, given by

Lon() = C1d*(0) @9
dovs() = d(0) (25)

where 7 is the time without any time delays.
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Table 1 Parameter estimates for 8-parameter model (includiug
break point and time delays) '

Maximum likelihood

A priori - True
Parameter value value parameter value
K,, Nm~2(x 10% 2 4 4.03+£0.03
K,, Nm—?( x 10%) 20 45 47.54 £2.0,
Gy, Nsm~1(x 10%) 1.5 2.5 2.49 +0.02
G,, Nsm~—!( x 10% 3 4 3.93 +0.05
C,, Nm~1( x 10%) 5 7 7.04 +0.11
d,, m 0:1 0.23 0.229 4 0.002
T S 0 0.07 0.070+ 0.0008
T, 8 0 0.09 0.090 4 0.0005
100
80 4
+ Simulated Data
— Max. Likelihood
Z 9
=
o
©
S
[e]
2 404
(o]
204
] e T T
0.0 0.2 0.4
0.4
0.3 4
E
c
2
8 02
K]
fa!
8
[¢]
01 + Simulated Data
= Max. Likelihood
0.0 45t T T T
0.0 0.2 0.4 0.8 0.8

. . ~ Time (s) :
Fig. 3 Oleo load and displacement for similated aircraft landing gear
drop test: w, =4 ms—!, M = 2000 kg.

There are no control inputs # in this example. The un-
known parameters are K;, K,, G, G,, C;, and break point
d,. Equations (21-25) are subject to constraints that d, d*,
and L are all 0. If unknown time delays are present in the
data, they can be included in the maximum likelihood proce-
dure as additional paraieters. Time delays in d or L résult in
translations of the preceding observations:

dos(2) = d(F —74) (26)

Lobos() = L(t — ) (27)
where 1, and 7, are the time delays in d and L, respectively.
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The landing géar is dropped with initial velocity w,, so
initial valués of w, d, and. d* are w,, 0, and 0 respectively.

Using 51mulated time histories of oleo load and -deflection,
with 81 data points and a time interval of Az =0.01s, the
maximum likelihood method is applied with numerical sensi-
tivity matrix computations. Zero mean Gaussian noise with
an rms of 0.0025 m for d and 0.5 kN for L is superimposed on
the sithulated data.

After 10 iterations, excellent agréement with the simulated
measuremeénts is obtained (Fig. 3). The parameter values are
giveil in Table 1, with the true values being the values used in
the simulation, and the a priori values being the initial guess of
these values. All pararheters are well idéntified, 1nclud1ng the
break point and time delays. The Cramer-Rao error bounds
are also shown in this and all subsequent.tablés.

It shiould be noted that careful consideration needs to be
given to the selection of the a priori value of the break pomt
parameter d,. Clearly, if d, > d,, (where d,,, is the maxi-
mum value reached by quantity d in ‘the time 1nterval urider
consideration), either initially. or during one of the early
1terat10ns (when parameter values are liable to oscillate), thén
atiy, $mall change in_d, will have no effect on the observation
vector . Consequently, sensitivities oy; /éd, will be zero,
resultmg in no improved estimated of d,. A suitable initial
valye for d, can usually be obtained by expenmentatlon A
priori values of time delays are usually set to zero, since time
delays are expected to be small.

For most parameters, the size of 6, used in the numerical
sen51t1v1ty calculations should be 51gn1ﬁcantly less than the
size of &,. We use here 6¢ /& = 107>, However, break points
or time delays are spec1a1 cases, and careful consideration
needs to be given to the size of 8Z,. This is because measure-
ments z only exist at discrete time points ¢;,, and obsérvations
yare only calculated at these time points. For break point d,,
in order that 8y, /dd, is nonzero for at least one ¢;, any change
&d,, in the value of d, must be large enough such that the time
where the break point acts, #(d,) moves across at least one
point. If #(d,) is within the time interval [#;¢;, {], then for éd,
to result in nonzero sensitivities, weé require

|td,) — 1, -

—5d,)| > t(d,) —1, (28a)

or

lt(d, +6d,) — 1d,) | > by, — ) (28b)
(see Flg 4.

The size of dd, necessary to satisfy the preceding condition
can be found by experimentation. In the case reported here,

dd, = 0.01 was sufficient.

d(t) A

Orax et \

o
i

i+l

Fig. 4 Effect of shifting a break point d, by &d,.
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Table.2 Parameter estimates usingy fixed-wing flight test data

A priori Maximum likelihood value’ Maximum likelihood value

Parameter value without time delays with time delays
Cpr,» deg™!  —0.050 —0.036 + 0.0002 —0.041 £ 0.00008
Carps rad—! —30 —992+0.46 —-8.29+0.14
Chy,» deg™! —0.035 —0.019 £ 0.0002 —0.022 1 0.00009

M, 0 0.102 + 0.0007 0.116 £ 0.0003
Cy,, deg™! 0.09 0.071 £ 0.0009 0.071 + 0.0003
Cy, 0 —0.093 £ 0.003 —0.092 + 0.0008
Cy, + a, —0.25 —0.087 £ 0.004 —0.093 £+ 0.001
Ty, S 0 — 0.030 £ 0.001
Ty § 0 —_— 0.058 + 0.0007
T, S 0. —_— 0.075 £ 0.0007

Results Using Measured Test Data 7
Measured test data were available for both fixed and rotary b

winged aircraft undergoing dynamic-maneuvers. The maxi-
mum likeliiood program developed here was applied to two
examples chosen to illustrate a range of applications. Results 51
are outlined below.

Fixed-Wing Aircraft Longitudinal Maneuver

Fixed-wing flight test ddta were available for an aircraft
undergoing a longitudinal maneuver. State variables are taken
as angle of attack «, pitch angle 6, and pitch rate ¢, while the
control input is the elevator deflection . Observation vdri-
ables, for which measurements are given, are «, g, and normal
acceleration a,,. ‘ 1

The full state equations for a longitudinal maneuver are

o (deg) .

a - Without Time Shifts

. Flight Test Data
~ Max. Likelihood

0 b - With Time Shifts

given in Eq. (55) of Ref. 12. For small o and ¢, we obtain the = -

state equations:

~ 20
. _qSR -~ gR
o= e (Cyx+ad,) +4q +-7 cosf (29)
H qSCR ] a
4=""7—Cu (30) "

y
b=q (31)

with the force coefficient
) gc

Cy=Cyb+ Cqu + Cy,0 + Cy,

and moment coefficient .

ac

+ Flight Test Data
— Max. Likelihood

a - Without Time Shifts

b - With Time Shifts

2 3 4

+ Flight Test Data
— Max. Likelihood

a - Without Time Shifts

b - With Time Shifts

gc
Cy=C Cy ——+Cyd+C Cy.——
a0 = Con+ Cagy 5pp + Cans0 + Coar, + Cani o 20
<%0 1
5
1.0
a
%
Z £
§ o o
w 0.5]
0
0 1
-5 — — T
0 1 2 3

2 3 4
Time (s)

Fig. 6 Angle of attack, pitch rate, and normal acceleration—fixed

Fig. 5 Control input (elevator deflection) —fixed-wing flight test. wing flight test.
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where ¢, m, S, and V are the reference chord, mass, wing area, 0 K Al '

and velocity of the aircraft, respectively, «, is a dimensionless 0 - -Max. Likelihood

bias, and ¢ is the dynamic pressure. (rad) | ~—Measured i

Observations [Eq. (56) of Ref. 12] are

X,
o =6 =2 (32)
Gobs =4 (33)

S - Koy,
anom:.n’l—gc q +R2 q2 (34)

R is simply the radian-to-degree conversion factor X,,and X,
are the longitudinal instrument offsets from the aircraft c. g.,
and Z, is the vertical instrument offset from the aircraft c. g
Unknown | parameters are Cur,, Cpr o Cagyo Cur,o Cn) CN 5
and Cy, + &,. Parameter CM is also unknown, but in the
maneuver reported here it is difficult to determine both CM
and C,, independently. Consequently, the two parameters are
linked by a factor, obtained from their a priori values:

Cay; =0.2836 X Cyy, (35)

The maximum likelihood procedure is applied without time
delays, with a time interval of Ar =1/60s and 10 iterations,
and with the control input variation shown in Fig. 5. Results
are shown in Fig. 6 and Table 2. It is noted that there are
discrepancies between actual measurements and predicted ob-
servations, which appear to be due to time lags. Application
of the maximum likelihood procedure with three additional

time delay parameters, t,, t,, and t,, leads to marked .

improvements in the predicted observation variables (Fig. 6).

01 T = T T T T

Pm
(rad /s) [

-0.1

0.2 . T : . . T
am |
(rad /s)
0
0.2 .
0 10 20 30 40
0.1
Tm |
(rad/s)|
0
01 . . . L
0 10 20 30 40
Time (s)
Fig. 7 Roll, pitch, and yaw rates—data compatibility check.

-0.05

]
(rad) I

- - -Max. Likelihood

—Measured J
L

-0.1 +

0 10 20 30 40
25 T T T

h ~ -Max. Likelihood i

(rad ) ~—Measured
] - &0 - - =

23 . L )

0 10 20 30 40

Fig. 8 Roll, pitch, and yaw response (no time shifts included) —data
compatibility check.

The Cramer-Rao error bounds are also reduced (Table 2),
indicating improved parameter identification.

Flight Data Compatibility Checking

In this application, redundancies in the flight measurements
are used to correct systematic bias and scale factor errors in
the instrumentation and also to reconstruct faulty or missing
data records.® In general, the six-degree-of-freedom kinematic
equations are applicable, but when only the attitudes and
rates are of interest, the three equations relating these quanti-
ties can be conveniently decoupled from the velocity equa-
tions. The relevant equations are'®

¢ =p + g sing tand + r cos¢ tan (36)
b=gq cos¢ —r sing (37)
Y = (q sing + r cose) sech (38)

In this set of nonlinear equations, the measured roll, pitch,
and yaw rates (p, ¢, and r) are treated as inputs; the respective
attitudes (¢, 0, and ) are the computed outputs, which are
required to match with their observed values. Sources of error
include both bias and scale factor errors in the measured
inputs and in the observed outputs. The error model for the
inputs has the form

p=(1.04+4,)p,, +b, (39)

where b, and 4, are the bias and scale factor errors, respec-
tively, and subscript m refers to the measured value. Similar
equations apply for g and r. Note that Eq. (39) does not allow
for random errors. This is usually a reasonable assumption,
given the accuracy of the rate gyro instrumentation. The error
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Table 3 Parameter estimates from data compatibility check

Maximum likelihood value -Maximum likelihood value

J. GUIDANCE

Parameter withouit time delays with time delays
b,, rad s 0.0012 + 0.000013 0.0013 + 0.000008
b rad s"1 —0.0051 +0.000021 —0.0051 £+ 0.000017
b rads~ —0.00054 + 0.000052 —0.00050 + 0.000021
b¢, rad —0.030 £ 0.0032 —0.034+0.020
by, rad 0.152 £+ 0.0063 —0.017 + 0.0051
T, 8 L 0.182 +0.005

T, S —_ 0.120 £+ 0.006
7,58 — 0.346 + 0.012
rms fit error

Ormes Tad 0.00365 0.00254

Oms» rad 0.00685 0.00535

W e rad 0.00797 0.00594

model for the observations is of the form
G =(1.0+44)¢ + by + ny + (time delay), (40)

where a random noise term n,, is now included and allowance
is also made for a possible time delay. Slmllar equations apply
for 6 and .

Thus, the unknown parameters to be identified may include
up to six bias errors, six scale factor errors, and three time
delay terms.

The flight data used are for a helicopter dynamic maneuver
in response to a longitudinal cyclic frequency sweep at about
130 knots. (Data provided by courtesy of McDor%neI’l Dou-
glas Helicopter Company.) Typically, all degrees of freedom
are excited, so that decoupling of longitudinal and lateral
motions is not possible. The p, ¢, and r time histories are

N

0 : : —

~ ~ Max. Likelihood
¢ : . ]
(rad) [ — Measured

-0.05

-0.1

0.1

8
(rad) [

- -Max. Likelihood
—Measured

-0.1

25 —T T T
\'[ P - o
(rad)[ - —-Max. Likelihood
—Measured

23 L L -
Time (s)

Fig. 9 Roll, pitch, and yaw response (time shifts included) —data
compatlblllty check.

shown in Fig. 7 and are seen to be well defined, with reason-
able signal to noise ratio. The matched results, excluding time
deldys, are shown in Fig. 8, and with time delays identified, in
Fig. 9, which indicates a considerdble improvement in match.
In both cases, bias errors have: been allowed for all measure-
ments, but scale factor errors have been assumed to be zero.
In addition, initial conditions for ¢, 8, and y were identified
as additional unknowns because of the difficulty of inferring
them from the measurements. The relatively poor resolution
of the ¢, #, and Y measurements, especially yaw attitude v,
makes data reconstruction an attractive option. in this case.
Table 3 summarizes the identification results obtained from
40 s of record sampled at 20 samples/s after 12 iterations of
the maximum likelihood program. An a priori value of zero
was assumed for: all biases. "The results show that s1gmﬁcant
time delays are apparent in all of the outputs. At the same
time, a large change in the identified value of b, is obtained,
from an unrealistic value of 0.152 rad to a more reasonable
—0.017 rad. Theé identified time delay values are also useful
information in relation to handling qualities considerations.

Concluding Remarks

A general maximum likelihood program, suitable for iden-
tification of parameters in norilinear systems, has been de-
scribed. By calculating sensitivities numerically, identification
of parameters such as breg]( points or time delays is made
possxble and *has been illpstrated using simulated data.

The ability to 1dent1fy multiple time delays concurrently
with other paramgters in a nonlinear system is partlcularly
useful in the analysi§ of aircraft flight data. Two examples
using both fixed and rotary wing data have been used to
illustrate  the possible range of application. The results
confirm the important effect time delays can have on other
identified parameters, and demonstrate the feasibility of iden-
tifying muiltiple time delays as an integral part of flight data
analysis procedures, for both linear and nonlinear systems.

References

'Steers, S. T., and Hiff, K. W., “Effects of Time-Shifted Data on
thht-Determmed Stability and Control Derlvatlves,” NASA TN
D-7830, March 1975.

"2?Feik, R. A., “Determination of Instrument Errors by Compatibil-
ity Checkmg—Results from Dynamic Flight Test Data,” Aeronauti-
cal” Research Lab., Melbourne Australia, Aero. Rept 162, Sept.
1984,

3Black, C. G., “Consideration of Trends in Stability and Control
Derivatives From Helicopter System Identification,” Proceedings of
13th European Rotorcraft Forum, Arles, France, Association Aero-
nautique et Astronautique De France, Sept. 1987, pp. 7-8-1-7-8-26.
" “Marchand, M., and Fu, K. H., “Frequency Domain Parameter
Estimation of Aeronautlcal Systems Without and With Time Delay,”
Proceedings of 7th IFAC Symposium on Identzﬁcatwn and System
Parameter Estimation, Pergamon, Oxford England UK July 1985,
pp. 669-674.



JAN.-FEB. 1991

5Chen, R. T. N., and Tischler, M. B., “The Role of Modeling and
Flight Testing in Rotorcraft Parameter Identification,” Proceedings of
42nd AHS Forum, American Helicopter Society, Alexandria, VA,
June 1986.

SMaine, R. E., and Iliff, K. W., “Application of Parameter Estima-
tion to Aircraft Stability and Control—The Output-Error Ap-
proach,” NASA RP-1168, June 1986.

7Feik, R. A., “On the Application of Compatibility Checking
Techniques to Dynamic Flight Test Data,” Aeronautical Research
Lab., Melbourne, Australia, Aero. Rept. 161, June 1984.

8Jategaonkar, R., and Plaetschke, E., “Maximum Likelihood
Parameter Estimation from Flight Test Data for General Non-Linear
Systems,” DFVLR-FB83-14, April 1983.

9Jategaonkar, R., and Plaetschke, E., “Maximum Likelihood Esti-

IDENTIFICATION OF TIME DELAYS IN FLIGHT MEASUREMENTS 139

mation of Parameters in Non-Linear Flight Mechanics Systems,”
Proceedings of 7th IFAC Symposium on Identification and System
Parameter Estimation, Pergamon, Oxford, England, UK, 1985, pp.
663 —668.

10Goodwin, G. C., and Payne, R. L., Dynamic System Identification
Experiment Design and Data Analysis, Academic, New York, 1977.

171iff, K. W., and Taylor, L. W., Jr, “Determination of Stability
Derivatives from Flight Data Using a Newton-Raphson Minimiza-
tion Technique,” NASA TN D-6579, 1972.

12Maine, R. E., and Iliff, K. W., “User’s Manual for MMLE3, a
General FORTRAN Program for Maximum Likelihood Parameter

‘Estimation,”” NASA TP 1563, NN. 1980.

13Etkin, B., Dynamics of Atmospheric Flight, Wiley, New York,
1972. :

1989, 370 pp. Hardback
ISBN 0-930403-49-5

Nonmembers $59.50

B General Issues of Space Law

purposes.

To Order: ' clo TASCO, 9 Jay Gould Ct., P.O. Box 753
Waldorf, MD 20604 Phone (301) 645-5643
Dept. 415 FAX (301) 843-0159

Allow 4-6 weeks for order processing and delivery.

PROCEEDINGS OF THE THIRTY-FIRST COLLOQUIUM ON

THE LAW OF OUTER SPACE

International Institute of Space Law (liSL) of the International
Astronautical Federation, October 8-15, 1988, Bangalore, India
Published by the American Institute of Aeronautics and Astronautics

AIAA/NISL/IAA Members $29.50

Bringing you the latest developments in the legal aspects of astronautics, space travel and
exploration! This new edition includes papers in the areas of:

B Legal Aspects of Maintaining Outer Space for Peaceful Purposes
B Space Law and the Problems of Developing Countries
B National Space Laws and Bilateral and Regional Space Agreements

You'll receive over 60 papers presented by internationally recognized leaders in space law
and related fields. Like all the 1ISL Colloquiq, it is a perfect reference tool for all aspects of
scientific and technical infformation related to the development of astronautics for peaceful

All orders under $50.00 must be brepaid. All foreign orders must be prepaid. Please include $4.50 for shipping and handling.

automatically. And save 5% off the list price!

Sign up for a Standing Order and receive each year's conference proceedings

945




